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Abstract

Background: Inanimate surfaces within a hospital serve as a reservoir of microbial life that may colonize patients
and ultimately result in healthcare associated infections (HAIs). Critically ill patients in intensive care units (ICUs) are
particularly vulnerable to HAIs. Little is known about how the microbiome of the ICU is established or what factors
influence its evolution over time. A unique opportunity to bridge the knowledge gap into how the ICU
microbiome evolves emerged in our health system, where we were able to characterize microbial communities in
an established hospital ICU prior to closing for renovations, during renovations, and then after re-opening.

Results: We collected swab specimens from ICU bedrails, computer keyboards, and sinks longitudinally at each
renovation stage, and analyzed the bacterial compositions on these surfaces by 16S rRNA gene sequencing.
Specimens collected before ICU closure had the greatest alpha diversity, while specimens collected after the ICU
had been closed for over 300 days had the least. We sampled the ICU during the 45 days after re-opening;
however, within that time frame, the alpha diversity never reached pre-closure levels. There were clear and
significant differences in microbiota compositions at each renovation stage, which was driven by environmental
bacteria after closure and human-associated bacteria after re-opening and before closure.

Conclusions: Overall, we identified significant differences in microbiota diversity and community composition at
each renovation stage. These data help to decipher the evolution of the microbiome in the most critical part of the
hospital and demonstrate the significant impacts that microbiota from patients and staff have on the evolution of
ICU surfaces.
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Background
The most tenuous patients in a hospital are located in the
intensive care unit (ICU). Critically ill patients are espe-
cially vulnerable to healthcare associated infections
(HAIs), which represent a leading cause of death in the

ICU [1]. Nearly 2 million hospitalized patients in the USA
develop HAIs annually with an attributable mortality of
98,000 per year [2]. Multiple studies have sought to deter-
mine the role of hospital surfaces as a reservoir for
healthcare-associated pathogens, though traditional
culture techniques have failed to confirm the relationship
between HAIs and the hospital environment [3, 4].
The development of 16S rRNA sequencing has made it

possible to more completely characterize the breadth and
diversity of different hospital microbial environments [5,
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6]. Studies using 16S rRNA gene sequencing have shown
that hospital environments are more diverse and dynamic
than previously recognized and are affected by close con-
tact with the human microbiome [7, 8]. An exhaustive
study prospectively determined the microbiome of the
wards in a newly completed hospital, finding a significant
increase in human skin microbiota after hospital opening
[9]. Other work has identified the durability of specific
pathogens on hospital surfaces despite disinfection [10],
which demonstrated that surface microbiomes vary de-
pending on extent and diversity of human contact [11]
and revealed the homogeneity of core microbiota across
healthcare units [12]. These studies largely focused on
hospital wards outside of the ICUs. Studies that have fo-
cused on ICUs have found increased abundances of skin-
associated taxa [13], reduced diversity compared to non-
patient care areas [8, 11, 14], and increased within species
diversity compared to traditional culture techniques [8].
However, these studies have been somewhat limited in the
number of specimens analyzed and duration of collection.
One of the most comprehensive culture independent

studies to date was performed in a neonatal ICU (NICU)
and focused on decontamination efforts to reduce HAIs.
These efforts appeared to reduce certain taxa selectively
while others that resembled gut microbiota remained in-
tact [15–17]. While these findings highlight the inter-
action between the environment and neonates in the
ICU, the taxa identified and microorganisms associated
with HAIs are distinct from the adult ICU population
[18, 19]. Thus, it is unclear how findings in the NICU re-
late to the adult ICU experience.
A critical step to understanding the relationship be-

tween the ICU environment and HAIs is the identifi-
cation and analysis of activities that impact the ICU
microbiome and its evolution. A prior study, using
samples collected primarily from hospital wards, com-
prehensively characterized the microbiome of a newly
opened hospital [9]. Renovation is a relatively com-
mon event as aging hospitals (and ICUs) are adapted
to new patient needs and new technologies. The im-
pact of renovation on the ICU microbiome has not
been previously investigated to our knowledge. In this
study, we prospectively examined the microbiota of
surfaces at the interface of patients and healthcare
workers. We obtained specimens from an ICU a week
prior to renovation when patients and staff occupied
the ICU, during renovation when there were no pa-
tients and staff present, and after renovation when
patients and staff returned. Our goals were to
characterize the evolution of the ICU microbiome in
each of these various stages, identify factors that con-
tribute to changes in the ICU microbiome, and evalu-
ate sources that contribute to diversity and
composition of the microbiome.

Methods
Sample collection
Samples were collected in an adult ICU in the Thornton
Hospital in La Jolla, CA, between 11/16/2016 and 11/25/
2017. Briefly, pre-moistened dual sterile swabs (BD Fal-
con Swube Screw Cap/Cotton Tip Applicators #281130)
were wiped for 30 s over the surface of bedrails, key-
boards, and sinks selected from six single occupant ICU
rooms (#6, #7, #8, #9, #10, and #11). The bedrails were
swabbed on the top and side surface at midpoint where
both the patient and staff would be likely to touch (when
rising to a seated position for patients and lowering
guardrails in the case of staff). There is one keyboard
per room that is accessed by the bedside nurse and re-
spiratory therapist assigned to the patient. For each
room, the sink is located furthest from the sliding door
entrance, kitty corner to the patient bed. The sinks were
swabbed along the rim of the sink furthest from the fau-
cet. In addition to handwashing, small amounts of medi-
cations may be discarded in the sink during the process
of priming intravenous tubing. The occupant (patient)
tends not to have any contact with the sink. Samples
were stored at − 80 °C until DNA extraction and ampli-
con sequencing.

16S rRNA gene amplicon processing
Swab tips were removed under sterile conditions and
subjected to total DNA extraction and concentration
via the Qiagen DNeasy Powersoil kit (Qiagen; CA)
and Zymo gDNA Clean and Concentrate kit (Zymo;
Orange, CA), respectively. In addition, negative ex-
traction controls (unused swab tips) were included to
ensure that no DNA contaminated the samples during
the extraction and concentration process. From the
purified and concentrated DNA the V3-V4 hypervari-
able region of the 16S rRNA gene was PCR amplified
using Kapa Hifi Hotstart Readymix (Kapa Biosystems;
Boston, MA) with forward primer 5′-TCG TCG GCA
GCG TCA GAT GTG TAT AAG AGA CAG CCT
ACG GGN GGC WGC AG-3′ and reverse primer 5′-
GTC TCG TGG GCT CGG AGA TGT GTA TAA
GAG ACA GGA CTA CHV GGG TAT CTA ATC
C-3′ [20] using the following cycling parameters:
95 °C for 3 min, followed by 35 cycles of 95 °C for 30
s, 55 °C for 30 s, 72 °C for 30 s, and a final elongation
step of 72 °C for 5 min. Ampure XP beads (Beckman-
Coulter; Fullerton, CA) were used to clean resulting
amplicons, which were then visualized using a High
Sensitivity DNA Kit on a Bioanalyzer (Agilent Tech-
nologies; Palo Alto, CA) and quantified via the
dsDNA High Sensitivity Kit on a Qubit Fluorometer
(Thermo Fisher; USA). Samples were pooled into
equal molar proportions and sequenced on the Illu-
mina MiSeq platform (Illumina; San Diego, CA).
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Analysis of the 16S rRNA gene sequences
Sequence reads were processed with the Quantitative In-
sights Into Microbial Ecology 2 (QIIME2; version
2019.4) [21]. Quality filtering, dereplicating, and chimera
filtering were performed using the DADA2 plugin in
QIIME2 [22]. Taxonomy classification was generated
using the QIIME feature-classifier classify-sklearn fea-
ture, with a Naïve Bayes classifier trained on the SILVA
database (version 132) [23]. Alpha (Observed Oper-
ational Taxonomic Unit (OTU), Shannon index, and
Faith’s Phylogenetic Diversity) and beta (Bray Curtis) di-
versity metrics were produced by QIIME2 core-metrics-
phylogenetic pipeline (sampling-depth parameter 15,
000) and visualized using the qiime2R (available at
https://github.com/jbisanz/qiime2R) and ggplot2 pack-
ages in R-Studio (version 1.0.153) [24–26]. Additionally,
due to the compositional nature of the data, we opted to
test a second beta diversity metric, robust Aitchison
PCA, using the DEICODE plugin with taxonomic biplot
overlays [27]. Comparison of the relative abundances at
the family level was visualized using ggplot2 with the
exported QIIME2 taxonomy tables. Differential abun-
dance at genus level (i.e., level 6) was assessed using
ANCOM in QIIME2 [28]. The QIIME2 core-feature
function, with the maximum fraction set to 90%, was
used to define the “core microbiome” for each of the
sample sources (bedrail, keyboard, and sink). This identi-
fies the features, a unit of observation (e.g., OTU, ampli-
con sequence variant), present in at least 90% of samples
from each source.

Statistics
Alpha diversity comparisons among renovation stages
and sample sources were assessed by ANOVA with
room as a blocking factor. Post hoc Tukey’s honest sig-
nificant difference (HSD) tests were also conducted to
correct for multiple comparisons in R-Studio. Compari-
son of the relative abundances of the dominant bacterial
families and clinically relevant bacterial genera was
assessed using Kruskal-Wallis with multiple-hypothesis
correction via FDR. Beta-diversity significance was deter-
mined using ANOSIM tests with 999 permutations and
testing between Bray Curtis dissimilarities was deter-
mined with Mann-Whitney U tests. Additionally, Spear-
man correlation coefficients were calculated in R-Studio
to identify associations between the days after closure/
after opening and the alpha diversity metrics (Observed
OTUs, Shannon, and Faith’s PD).

Results
Sampling schema and sequencing output
Samples were collected by swabbing hospital ICU
bedrails, keyboards, and sinks from six separate rooms
(#6, #7, #8, #9, #10, and #11) throughout four stages of

the ICU renovation. The first stage was before the ICU
closed for renovations, a time when the microbiome
would likely be impacted by patients and staff (before
closure (BC); 11/16/2016–11/20/16). The second stage
was after the ICU closed for renovations (after closure
(AC); 11/21/2016–1/10/2017). The third stage began
265 days following the AC stage, a time frame right be-
fore the ICU re-opened to patients and staff (before
opening (BO); 10/2/2017–10/10/2017). The final stage
occurred after the hospital re-opened following the reno-
vations and patients and staff returned (after opening
(AO); 10/11/2017–11/25/2017). We chose to examine
the microbiota of bedrails and keyboards because they
represent high-use patient care surfaces that have previ-
ously been shown to capture the interface between
healthcare worker and patient microbiota accurately [9,
29]. The sink was selected as a surface because a number
of pathogens involved in HAIs are associated with water
sources [30, 31].
After DNA extraction, 16S rRNA amplification/sequen-

cing, and quality filtering, 532 samples were included in
the analysis (151 from bedrail swabs, 172 from keyboard
swabs, and 209 from sink swabs; Table S1). There was a
total of 39,557,245 sequence reads with an average num-
ber of sequences per sample of 74,355 (± 48,090 S.D.). To
account for unequal sequencing depth, data were normal-
ized to a minimum sampling depth of 15,000 sequences
per sample. This depth allowed for the majority of sam-
ples to be included, while also sufficiently capturing the
overall diversity in each sample (Figure S1).

Alpha diversity at each renovation stage
For each sample source (bedrail, keyboard, and sink) and
renovation stage (BC, AC, BO, and AO), we examined the
alpha diversity of the bacterial communities by calculating
the number of Observed OTUs, the Shannon index (a
measure that accounts for both richness and evenness),
and Faith’s PD (a measure that incorporates phylogenetic
differences between species) [25, 26]. Regardless of the
metric tested, there were significant (ANOVA; p < 0.05)
differences in the alpha diversity among the renovation
stages (Fig. 1). In all cases, we found that BC had a signifi-
cantly higher alpha diversity compared to BO (ANOVA; p
< 0.05), indicating that alpha diversity declined while the
ICU was closed. Conversely, for the bedrail and keyboard
samples, the Observed OTUs and the Shannon index were
significantly higher AO than BO (ANOVA; p < 0.05), indi-
cating an increase in diversity after the ICU re-opened.
However, the AO stage did not appear to reach the degree
of diversity before the ICU closed. Overall, this trend was
maintained when observing the alpha diversity metrics
from each of the individual ICU room sampled (rooms #6,
#7, #8, #9, #10, #11); however, in some cases, not signifi-
cantly (Figure S2).
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Fig. 1 Alpha diversity boxplot showing a Observed OTUs, b Shannon, and c Faith’s PD at each renovation stage for bedrail, keyboard, and sink
samples. For each sample source, the alpha diversity indices are shown on the y-axis and the renovation stage (before closure, purple; after closure,
red; before opening, blue; after opening, orange) are on the x-axis. Boxes denote the interquartile range (IQR) between the first and third quartiles, and
the horizontal line defines the median. Whiskers represent the smallest (ymin) and largest (ymax) observations within 1.5 times the IQR from the first
and third quartiles. Outliers indicated by black circles. Letters shared in common among the renovation stages denote no significant difference (p >
0.05) determined by an ANOVA with room as a blocking factor and post hoc Tukey's HSD test
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Additionally, we compared the alpha diversity of the
bedrail, keyboard, and sink samples at each renovation
stage (Figure S3). Here, we found significant differences
in the alpha diversity among the three sample sources at
the majority of renovation stages (ANOVA; p < 0.05).
However, there were no significant differences in the
alpha diversity among the three sample sources at the
BO stage. This finding suggests that the decline in diver-
sity during closure is so substantial that differences
among the bedrail, keyboard, and sink samples could no
longer be detected.
To parse the degree to which alpha diversity changed

during the ICU renovation further, we examined the three
alpha diversity metrics at each sampling date (Fig. 2, S4).
For the Observed OTUs, it was apparent that diversity de-
clined after the ICU closed. This trend was also observed
for the Shannon and Faith’s PD (Figure S4). In fact, during
the AC stage, all of the alpha diversity metrics tested for
each source correlated negatively with the number of days
following closure (Fig. 3). However, despite observing an
increase in alpha diversity after the ICU re-opened, there
was not a significant positive correlation with the number
of days (Figure S5). These data suggest that maturation of
the ICU after opening was dynamic and could not be cap-
tured within the 45 days sampled following re-opening.

Beta diversity by renovation stage
We next quantified beta diversity using Bray Curtis dis-
similarities, a measure widely employed to assess com-
positional dissimilarity, on each of the sample sources
(Fig. 4). We observed a clear and significant differenti-
ation based on renovation stage (Fig. 4; ANOSIM; p <
0.05). This was especially evident for the bedrail (ANO-
SIM; R = 0.41, p = 0.001) and keyboard (ANOSIM; R =
0.34, p = 0.001). When utilizing pairwise ANOSIM tests
for the bedrail, each renovation stage clustered signifi-
cantly from one another (ANOSIM; p < 0.05), with BC
and BO having the highest R value (R = 0.95). This ob-
servation was also true for keyboard samples, with the
exception of the AC and BC stages, which were not sig-
nificantly different (ANOSIM; R = 0.09, p = 0.06). We
also found that the majority of pairwise comparisons for
the sink were significant, aside from the BO and AO
stages (ANOSIM; R = 0.04, p = 0.27). Additionally, to
further determine if the microbial community was
returning to its pre-closure state after re-opening, we
compared the Bray Curtis dissimilarities BC with those
AO and BO (Figure S6). In each sample source, the BC-
AO had a significantly smaller Bray Curtis dissimilarity
compared to the BC-BO (Mann-Whitney; p < 0.05). This
indicates that the ICU microbiome BC was more similar
to that of the AO community than BO.
Due to the compositional nature of the data, we opted

to test a second beta diversity metric, Aitchison PCA.

This metric is robust to the high levels of sparsity often
found in real microbiome data and can also be used to
identify directly the taxa that are likely driving sample
clustering [27, 32]. Here, we found significant clustering
by renovation stage similar to what was observed by the
Bray Curtis metric (Fig. 5 ANOSIM; p < 0.05). More-
over, by overlaying biplots corresponding to the taxa
that represent the most significant source of variation,
we were able to explore the taxonomic factors driving
clustering. From these data, we observed that clustering
by renovation stage is driven by taxa that have previ-
ously been associated with human skin or the environ-
ment, especially for the bedrail and keyboard samples
[33–36]. Specifically, for the bedrail, we observed that
the variation in renovation stages was driven by the
dominance of Delftia, Bacillaceae, and Rhizobiaceae in
the BO stage and Streptococcus in the BC stage. Simi-
larly, for keyboard samples, the variation in renovation
stages was driven by the dominance of Delftia and Rhi-
zobiaceae in the BO stage and Streptococcus and
Staphylococcus in the BC stage.

Beta diversity of renovation stages by room
We examined the beta diversity via Bray Curtis dissimi-
larities for each room at the different renovation stages
(Figure S7). For each sample source, the rooms were sig-
nificantly distinct from one another during the BC and
AC stages, which indicate a specific microbiome present
within each room (ANOSIM; p < 0.05). However, at the
BO stage, the rooms were no longer significantly differ-
ent. These data suggest that without the influence of pa-
tients and staff, microbial communities across the
different ICU rooms become homogeneous.

Temporal variations in bacterial taxa
We next explored the most predominant bacterial fam-
ilies (those that comprised at least 50% of the microbiota
in each sample) present within the ICU rooms. When
observing the average relative abundances at each date
during the renovation, there were transitions that could
be visualized among the predominant bacterial families
by renovation stage (Fig. 6). Utilizing a Kruskal-Wallis
test with multiple-hypothesis correction via FDR, we
identified several significant trends. In all sample
sources, Bacillaceae, Burkholderiaceae, and Rhizobiaceae
were significantly more abundant during the BO stage
compared to BC (Kruskal-Wallis; p < 0.05; Figure S8).
Conversely, for all sample sources in the BC stage, Cory-
nebacteriaceae, Enterobacteriaceae, Staphylococcaceae,
and Streptococcaceae were significantly more abundant
compared to the BO stage. These data are congruent
with those presented in the biplot (Fig. 5) in which typ-
ical human-associated bacteria were abundant in the
established hospital microbiome but were superseded by
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typical environmental bacteria after ICU closure. More-
over, while the levels of Staphylococcaceae increased for
the bedrail and keyboard samples in the AO stage com-
pared to BO, they did not return to levels observed in
the BC stage. This finding was also true in all sample
sources for the abundance of Bacillaceae and Burkhol-
deriaceae, which decreased in the AO stage, though not
to the extent observed BC.

Clinically significant and core bacterial taxa
To further parse the bacterial taxa present during the vari-
ous renovation stages, we identified potentially clinically
relevant bacteria genera, including Acinetobacter, Bacter-
oides, Burkholderia, Clostridium, Enterococcus, Escheri-
chia-Shigella, Klebsiella, Mycobacterium, Pseudomonas,

Staphylococcus, and Stenotrophomonas (Figure S9). In all
sample sources, Acinetobacter, Bacteroides, Escherichia-
Shigella, Pseudomonas, and Staphylococcus were at signifi-
cantly higher relative abundance BC than BO (Kruskal-
Wallis; p < 0.05). Conversely, Burkholderia was at a signifi-
cantly higher relative abundance BO than BC on the
bedrail (Kruskal-Wallis; p < 0.05). These data are in line
with the temporal variations in the relative abundance
of the dominant bacterial families described previ-
ously (Fig. 6).
We also computed the “core microbiome,” represented

by the taxonomic features present in at least 90% of
samples from each surface. We found very few taxo-
nomic features that persisted throughout the entire
study. However, there were some features that were

Fig. 2 Dotplot of the Observed OTUs (± standard deviation) for bedrail, keyboard, and sink samples at each date throughout the renovation
stages. For each sample source, the number of Observed OTUs is shown on y-axis and the sampling dates are on the x-axis. The samples are
colored by renovation stage (before closure, purple; after closure, red; before opening, blue; after opening, orange)
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Fig. 3 Scatterplot depicting the correlation of a Observed OTUs, b Shannon, and c Faith’s PD with the number of days after hospital ICU closing.
For each sample source (bedrail, keyboard, and sink), the alpha diversity indices are shown on the y-axis and the days after closing are on the x-
axis. Blue denotes the linear regression line with the gray shading indicating 95% confidence intervals. Spearman correlation indexes and p values
are shown in the corner of each panel
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shared among all three surfaces. On the bedrail, Bacilla-
ceae, Cutibacterium, Streptococcus, Ralstonia, Herbaspir-
illum, and Staphylococcus were present for the duration
of the study. Each of these same taxa, except for
Staphylococcus, was also identified as core features of
the sinks. The keyboard shared four core taxa with the
sink and the bedrail throughout the study, including
Bacillaceae, Cutibacterium, Ralstonia, and Herbaspiril-
lum. There were patterns observed in the relative abun-
dances of the core taxa as we described previously
(Figure S10). On the bedrails, BC human-associated bac-
teria, Staphylococcus, Streptococcus, and Cutibacterium
were the dominant core microbiota. However, the

abundance of Staphylococcus and Streptococcus AC de-
clined and were eventually surpassed by Bacillaceae in
the BO stage. Human-associated bacteria, especially
Cutibacterium, increased in abundance AO.

Differentially abundant taxa
We next determined the bacterial taxa that significantly
differed between relevant renovation stages within each
of the sample sources (Fig. 7a). We examined the BC
and BO stages, and found 11 taxa that differed signifi-
cantly. Again, Bacillaceae, Rhizobiaceae, and Delftia (a
genera of Burkholderiaceae) were more abundant BO in
all the sample sources. We also found several human-

Fig. 4 Principal coordinates’ analysis of beta diversity based on Bray Curtis dissimilarities for bedrail, keyboard, and sink samples. Color denotes
renovation stages (before closure, purple; after closure, red; before opening, blue; after opening, orange). Ellipses are drawn at 95% confidence
intervals for each renovation stage. Significance determined by ANOSIM with 999 permutations for renovation stages and denoted in the corner
of each panel *p < 0.05
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associated genera, such as Lactobacillus, Haemophilus,
Corynebacterium, and Alloprevotella that were signifi-
cantly higher BC in the bedrail samples. Furthermore,
we identified 29 taxa that significantly differed between

the BO and AO stages (Fig. 7b). However, the majority
of these differences were only observed on the bedrail,
with only Veillonella, Lactobacillus, and Gardnerella
higher in all sample sources AO. This observation

Fig. 5 Aitchison compositional biplots for a bedrail, b keyboard, and c sink samples. Color denotes renovation stages (before closure, purple; after
closure, red; before opening, blue; after opening, orange). Arrows denote important taxa with regard to sample clusters. Significance determined
by ANOSIM with 999 permutations for renovation stages and denoted in the corner of each panel *p < 0.05
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suggests that the greatest influence on the bedrail took
place AO, and likely resulted from close contact with pa-
tients, staff, and visitors.

Discussion
Understanding how microbial communities colonize and
persist on inanimate surfaces in the built environment is

critical in evaluating the risks they could pose to public
health. These issues are paramount in hospital ICUs
wherein surfaces may act as reservoirs for HAIs in a vul-
nerable patient population [37]. Moreover, as healthcare
facilities age and renovations become more common-
place, it is imperative to understand how microbes come
to colonize and evolve on surfaces to improve

Fig. 6 Stacked bar chart of the average relative abundance of the bacterial community composition for samples from bedrails, keyboards, and
sinks at each sampling date. For each sample source, the average relative abundance of each of the dominant bacterial families are shown
on the y-axis and the sampling dates are on the x-axis. A dashed line denotes the beginning of the different renovation stages
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interventions to clean patient care areas. We assessed
the evolution of the microbiome of bedrails, keyboards,
and sinks in ICU rooms over the course of a renovation.
These sites represent common contact points where pa-
tients, staff, and visitors interact with the rooms and are
likely sites at higher risk of microbe transfers to suscep-
tible patients.
The persistence of important human-pathogens on in-

animate surfaces have been reported to range from days
to months, depending on a number of factors such as

relative humidity, temperature, cleaning procedures, and
bacterial genetic composition [38, 39]. In this study,
when the ICU closed for renovations and patients and
staff were no longer present, the alpha diversity of the
bacterial community decreased on all surfaces tested
(Fig. 1). Human-associated and potentially clinically sig-
nificant bacteria (e.g., Acinetobacter, Bacteroides, Escher-
ichia-Shigella, Pseudomonas, and Staphylococcus) also
decreased significantly in their relative abundances after
closure (Figs. 1 and 6 and S9). This is in agreement with

Fig. 7 Dotplot of the average relative abundances of the bacterial taxa determined to be differentially abundant between the renovation stages
a before closure and before opening and b before opening and after opening. ANCOM tests were performed to evaluate differential abundance
on collapsed feature table at the genus level (i.e., level 6). For each sample source, (bedrail, keyboard, and sink) the taxa determined to be significantly different
between stages are shown on the y-axis and the renovation stages are on the x-axis. The size of the dot reflects the average relative abundance of each taxa
and the color denotes the renovation stage (before closure, purple; before opening, blue; after opening, orange)
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a previous study that found the influence of an individ-
ual’s microbiome on their home surfaces rapidly decays
after the individual leaves [40]. As a result, it appears
that without regular inoculation, human-associated bac-
teria do not persist at high relative abundances on ICU
surfaces. These bacteria, which are adapted to thrive on
the skin of their human host, may be out-competed by
resilient environmental-associated species. Some envir-
onmental species (e.g., Bacillus spp.) are capable of per-
sisting in low nutrient environments through actions
such as direct antagonism, competition for limited re-
sources, and/or sporulation [41–43]. For instance, clean-
ing products spiked with non-pathogenic “probiotic”
microorganisms (e.g., B. subtilis, B. pumilus, and B.
megaterium) were reported to be more effective in the
reduction of HAI-associated microorganisms on hospital
surfaces when compared to conventional cleaning prod-
ucts [44]. The authors suggest that this is the result of
competitive exclusion of the pathogens by the probiotic
microorganisms [44]. However, it is important to note
that the data presented here are in the form of relative
abundances, and thus, do not convey the absolute abun-
dance (e.g., potential infectious dose) of the bacteria
present.
We found that during ICU closure, traditional en-

vironmental bacterial families, such as Bacillaceae,
Burkholderiaceae, and Rhizobiaceae persisted, increas-
ing in abundance days after closure (Fig. 6). Despite
decreasing in abundance following hospital re-
opening, these bacterial families still remained above
the pre-closure level (Fig. 6 and S8). In fact, one bac-
terial feature, assigned as Bacillaceae, was present
during the entire study time course on all surfaces
tested (Figure S10). Thus, it appears that patients
would be in regular contact with these microbes, es-
pecially in the weeks after re-opening. While Bacilla-
ceae, Burkholderiaceae, and Rhizobiaceae are generally
non-pathogenic and found ubiquitously in water and
soil, some have been associated with opportunistic in-
fections. For instance, several members of the Bur-
kholderiaceae family (e.g., Ralstonia pickettii and
Burkholderia cepacia) have been linked to outbreaks
of HAIs, via contaminated hospital plumbing systems
or medications [45–48]. Construction, renovation, and
maintenance are known to increase the risk of certain
HAIs, particularly those from environmental-
associated microorganisms (e.g., Aspergillus and Le-
gionella) introduced into the hospital setting from
dust and soil contamination [49]. However, it is diffi-
cult to parse the quantity of environmental-associated
bacteria introduced during renovation compared to
those that were already present at low or undetectable
levels prior to closure. It is also difficult to predict

the pathogenic potential of microbes identified from
the 16S rRNA sequence data.
When patients and hospital staff returned after re-

opening of the ICU, the bacterial communities did not
appear to return to the BC status within the time frame
of this study. While alpha diversity and the relative
abundance of human-associated bacteria (e.g., Pseudo-
monas, Bacteroides, and Staphylococcus) did increase,
they did not achieve the level observed BC (Figs. 1 and
2; S5, S8, S9). Moreover, while the Bray Curtis dissimi-
larities between BC samples and AO samples were
smaller compared to BC and BO samples (Figure S6),
the dissimilarity was still quite high and the beta-
diversity principle coordinate plots showed very little
overlap (Figs. 4 and 5). These findings suggest that, while
there was some return to the BC stage after the hospital
re-opened, we may not have fully captured the dynamic
maturation of the bacterial community within the time
frame studied (45 days). Alternatively, it might suggest
that the ICU AO is on a different trajectory and that the
microbiome may never return to the BC state.
Prior studies show that humans can impact the com-

position of the bacterial community in the built environ-
ment [40]. The influence is largely through transfer of
each individual’s specific microbiota onto surrounding
surfaces by way of respiration, shedding cells, and
direct/indirect skin contact [33, 40, 50, 51]. This
phenomenon has been studied in new homes and co-
habitation among cadets, where the microbiome of the
environment reflects contact with human microbiota in
a personalized and unique manner [40, 52]. In a previous
study of a hospital microbiome, the authors found that
bacteria in patient rooms also resembled the skin micro-
biota of the patient occupying that room [9]. Similarily,
we observed that the hospital ICU rooms were signifi-
cantly different from their BC state, likely due to the
unique microbial communities of the patients admitted
to each room and of the personnel working in the area
(Figure S7). This is an important consideration as new
patients are admitted to these rooms. Prior studies have
shown that admission to a room previously occupied by
a patient with a HAI-associated microorganism signifi-
cantly increases the odds of infection by that same
microorganism [53–55]. This likely occurs in an early
stage of admission before the previous patients’ micro-
bial fingerprint has had time to decay, as we noted the
loss of human-associated bacteria and unique signatures
AC (Fig. 6, S7).
At the time of ICU re-opening, the ICU occupancy in-

cluded primarily medical non-surgical, critically ill pa-
tients with conditions such as septic shock, cardiac
failure, and acute respiratory failure, with an average
length of stay between 7 and 10 days. The staff was con-
sistent following re-opening of the ICU, with a nurse to
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patient ratio of 1-to-1 or 2-to-1. Of the surfaces sampled
AO, the increase in human-associated microbes was
most evident for the bedrail, with significant increases in
genera such as Veillonella, Streptococcus, Staphylococcus,
Rothia, Corynebacterium, and Gardnerella (Fig. 7). The
bedrail also had the greatest diversity AO, followed by
the keyboard and then the sink (Figure S2). This is most
likely attributed to the various interactions between the
patients/staff and the surfaces. Generally, bedrails have
the greatest number of hand-surface interactions by the
largest number of different individuals, as they are ac-
cessible to staff and visitors. Given their proximity, they
are also the surface with the largest magnitude of inter-
action with the patient. Indeed, previous results found
that bedrails consistently resembled the skin microbial
community of the current patient [9]. In contrast, just
the hospital staff are the primary users of the keyboards
and sinks. However, it is not implausible to assume con-
tact transfer from patients to these surfaces byway of the
staff [56, 57].
We took advantage of the closure, renovation, and

re-opening of an ICU to characterize the microbial di-
versity and compositional influences on ICU surfaces
through different stages of renovation. By profiling
different renovation stages, we had a unique oppor-
tunity to evaluate temporal changes and determine
the influence of the renovation process on the ICU
microbiome. We observed clear demarcations at each
renovation stage, driven by environmental bacteria
AC and human-associated bacteria BC and AO. How-
ever, this study is not without limitations. While the
16S rRNA PCR-based methodologies we employed
enable us to explore the presence of bacteria that
could otherwise be missed by culture alone, there are
some inherent challenges. For example, the data pro-
duced in this study are in the form of relative abun-
dance and, thus, compositional in nature.
Compositional data are constrained to a constant and
independent of the microbial load of the original
sample, which may be a critical catalyst in patient
colonization [32]. The variation in 16S copy number
and primer binding and amplification efficiencies can
also limit the accuracy in bacterial abundance and di-
versity estimations [58–62]. Although we employed
statistical analyses designed to circumvent some of
these challenges (e.g., ANCOM, robust Aitchison
PCA) culture-based identification and quantification
in tandem with sequence-based methodologies should
be explored in future studies. Moreover, this tandem
approach may allow for the detection and tracking of
specific pathogenic bacteria associated with HAIs, a
concept outside the capabilities of the technologies
employed here. Nevertheless, we predict that data
produced in this study will serve as foundational

evidence on the temporal dynamics of the microbes
on ICU surfaces and will ultimately help to identify
intervention points to reduce the negative impact of
the microbiota on patients.

Conclusions
In this study, we characterized the complex bacterial com-
munities residing on inanimate surfaces in a hospital ICU
before, during, and after closure for renovations. These
renovations presented us the novel opportunity to capture
the transition of the bacterial community from an estab-
lished microbiome in which patients and staff inhabited
the ICU, to one without patients and staff present, and
then finally to one where patients and staff returned. We
found clear and significant differences in the bacterial
community at each stage of renovation. Specifically, alpha
diversity was highest before ICU closure and then pro-
ceeded to significantly decline during the closure period.
After re-opening, the diversity increased, but never
reached pre-closure levels. Additionally, we identified sig-
nificant differences in the microbiota community compos-
ition among the renovation stages, which were driven by
environmental bacteria after closure and human-
associated bacteria after re-opening. Overall, this study
provides foundational data on how microbes colonize and
evolve on surfaces during times of renovations, a process
facing many aging healthcare facilities.

Supplementary information
Supplementary information accompanies this paper at https://doi.org/10.
1186/s40168-020-00852-7.

Additional file 1: Figure S1. Rarefaction curves of (A) Observed OTUs,
(B) Shannon, and (C) Faith’s PD for all samples grouped by source and
renovation stage. The boxplots showcase the distribution of each alpha
diversity metric for each group of samples at each even sampling depth.
Boxes denote the interquartile range (IQR) between the first and third
quartiles and the horizontal line defines the median. Whiskers represent
the smallest (ymin) and largest (ymax) observations within 1.5 times the
IQR from the first and third quartiles. Figure S2: Alpha diversity bar plot
showing (A) Observed OTUs (±standard deviation), (B) Shannon (±
standard deviation), and (C) Faith’s PD (±standard deviation) for each
room number. Samples are separated by source (bedrail, keyboard, and
sink) and colored by the renovation stage (before closure, purple; after
closure, red; before opening, blue; after opening, orange). The alpha
diversity indices are shown on the y-axis and the room number is on the
x-axis. Letters shared in common among the renovations stages for each
room denotes no significant difference (p > 0.05) determined by an
ANOVA with post-hoc Tukey’s HSD test. Figure S3: Alpha diversity box-
plot showing (A) Observed OTUs, (B) Shannon, (C) Faith’s PD for bedrail,
keyboard, and sink samples at each renovation stage. For each renovation
stage the alpha diversity indices are shown on the y-axis and sample
source (bedrail, pink; keyboard yellow; sink, blue) are on the x-axis. Letters
shared in common among the sample sources for each renovation stage
denotes no significant difference (p > 0.05) determined by an ANOVA
with room as a blocking factor and post-hoc Tukey’s HSD test. Boxes de-
note the interquartile range (IQR) between the first and third quartiles
and the horizontal line defines the median. Whiskers represent the smal-
lest (ymin) and largest (ymax) observations within 1.5 times the IQR from
the first and third quartiles. Outliers indicated by black circles. Figure S4:
Dotplot of the (A) Shannon (±standard deviation) and (B) Faith’s PD (±

Chopyk et al. Microbiome            (2020) 8:86 Page 13 of 15

https://doi.org/10.1186/s40168-020-00852-7
https://doi.org/10.1186/s40168-020-00852-7


standard deviation) for bedrail, keyboard, and sink samples at each date
throughout the renovation stages. For each sample source the alpha di-
versity indices are shown on the y-axis and the sampling dates are on
the x-axis. The samples are colored by renovation stage (before closure,
purple; after closure, red; before opening, blue; after opening, orange).
Figure S5: Scatterplot depicting the correlation of (A) Observed OTUs, (B)
Shannon, and (C) Faith’s PD with days after hospital ICU re-opening. For
each sample source the alpha diversity indices are shown on the y-axis
and the days after opening are on the x-axis. Blue denotes the linear re-
gression line with the gray shading indicating 95% confidence intervals.
Spearman correlation indexes and p-values are shown in either the top
right or left hand corner of each panel. Figure S6: Boxplot showing the
Bray Curtis dissimilarities between BC-AO and BC-BO for bedrail, keyboard,
and sink samples. For each sample source the Bray Curtis dissimilarities
are shown on the y-axis and the BC-AO and BC-BO comparisons are on
the x-axis. *Significance determined by Mann-Whitney U tests (p < 0.05).
Boxes denote the interquartile range (IQR) between the first and third
quartiles and the horizontal line defines the median. Whiskers represent
the smallest (ymin) and largest (ymax) observations within 1.5 times the
IQR from the first and third quartiles. Outliers indicated by black circles.
Figure S7: Principal coordinates analysis of beta-diversity based on Bray
Curtis dissimilarities for (A) bedrail, (B) keyboard, and (C) sink samples for
each renovation stage. Color denoted room number. Significance deter-
mined by ANOSIM with 999 permutations for rooms and denoted in the
corner of each panel *p < 0.05. Figure S8: Bar chart of the relative abun-
dance (±standard deviation) of the bacterial community composition
from bedrail, keyboard, and sink samples at each renovation stage. For
each sample source the dominant bacterial families are listed on the x-
axis and their relative abundance are shown on the y-axis. The bars are
colored by the different renovation stages (before closure, purple; after
closure, red; before opening, blue; after opening, orange). Letters shared
in common between or among renovations stages for each bacterial
family denotes no significant difference (p > 0.05) determined by Kruskal-
Wallis with multiple-hypothesis correction via FDR. Figure S9: Bar chart of
the relative abundance (±standard deviation) of clinically relevant bacter-
ial genera from bedrail, keyboard, and sink samples at each renovation
stage. For each sample source, the bacterial genera are listed on the x-
axis and their relative abundance are shown on the y-axis. The bars are
colored by the different renovation stages (before closure, purple; after
closure, red; before opening, blue; after opening, orange). Letters shared
in common between or among renovations stages for each bacterial
genus denotes no significant difference (p > 0.05) determined by Kruskal-
Wallis with multiple-hypothesis correction via FDR. Figure S10: Line graph
of the relative abundance (±standard deviation) of the core bacterial fea-
tures in bedrail, keyboard, and sink samples at each date throughout the
renovation stages. For each sample source the relative abundance of
each core feature is listed on the y-axis and the sampling dates are on
the x-axis. Only dates marking new renovations stages are shown. Core
features are those present in at least 90% of samples from each source.

Additional file 2: Table S1. Sample numbers for each source (bedrail,
keyboard, and sink) at each renovation stage and for each room.

Abbreviations
HAIs: Healthcare associated infections; ICU: Intensive care unit;
OTU: Operational taxonomic unit; BC: Before closure; AC: After closure;
BO: Before opening; AO: After opening

Acknowledgements
We thank the staff at Jacobs and Thornton ICUs for their support of this
study. We thank Jack Gilbert and Rob Knight for their contributions to this
study.

Authors’ contributions
Conceived and designed project: KA, DS, DTP, and AM. Performed
experiments: TB, JHS, LKS, and ML. Analyzed the data: JC, TB, YX, RK, STK, and
DTP. Wrote and edited the manuscript: JC, KA, DS, AM, FJT, and DTP.
Provided materials for the study: KA, DS, and AM. All authors read and
approved the final manuscript.

Funding
Not applicable

Availability of data and materials
All sequences included in this study have been deposited in the NCBI
Sequence Read Archive under BioProject accession PRJNA575544.

Ethics approval and consent to participate
Not applicable

Consent for publication
Not applicable

Competing interests
The authors declare that they have no competing interests.

Author details
1Department of Pathology, University of California, San Diego, USA.
2Department of Medicine, University of California, San Diego, USA.
3Department of Biology, San Diego State University, San Diego, USA.

Received: 30 January 2020 Accepted: 1 May 2020

References
1. 2017 National and State Healthcare-Associated Infection Progress Report

[https://www.cdc.gov/hai/data/portal/progress-report.html].
2. Haque M, Sartelli M, McKimm J, Bakar MA. Health care-associated

infections–an overview. Infection and drug resistance. 2018;11:2321.
3. Rahman M, Shamsuzzaman A, Sirajee A, Miah A, Hossain M. Pattern of

bacteria and their antimicrobial susceptibility isolated from inanimate
objects and hospital personnel. Mymensingh medical journal: MMJ. 2003;
12(2):104–7.

4. Boyce JM. Environmental contamination makes an important contribution
to hospital infection. Journal of hospital infection. 2007;65:50–4.

5. Janda JM, Abbott SL. 16S rRNA gene sequencing for bacterial identification
in the diagnostic laboratory: pluses, perils, and pitfalls. Journal of clinical
microbiology. 2007;45(9):2761–4.

6. Lax S, Gilbert JA. Hospital-associated microbiota and implications for
nosocomial infections. Trends in molecular medicine. 2015;21(7):427–32.

7. Brooks AW, Kohl KD, Brucker RM, van Opstal EJ, Bordenstein SR.
Phylosymbiosis: relationships and functional effects of microbial
communities across host evolutionary history. PLoS biology. 2016;14(11):
e2000225.

8. Oberauner L, Zachow C, Lackner S, Högenauer C, Smolle K-H, Berg G. The
ignored diversity: complex bacterial communities in intensive care units
revealed by 16S pyrosequencing. Scientific reports. 2013;3:1413.

9. Lax S, Sangwan N, Smith D, Larsen P, Handley KM, Richardson M, Guyton K,
Krezalek M, Shogan BD, Defazio J, Flemming I, Shakhsheer B, Weber S.
, Landon E, Garcia-Houchins S, Siegel J, Alverdy J, Knight R, Stephens
B, Gilbert JA. Bacterial colonization and succession in a newly opened
hospital. Sci Transl Med. 2017;9(391):eaah6500.

10. Weber DJ, Rutala WA, Miller MB, Huslage K, Sickbert-Bennett E. Role of
hospital surfaces in the transmission of emerging health care-associated
pathogens: norovirus, Clostridium difficile, and Acinetobacter species.
American journal of infection control. 2010;38(5):S25–33.

11. ElRakaiby MT, Gamal-Eldin S, Amin MA, Aziz RK. Hospital microbiome
variations as analyzed by high-throughput sequencing. OMICS: A Journal of
Integrative Biology. 2019;23(9):426–38.

12. Chen C-H, Lin Y-L, Chen K-H, Chen W-P, Chen Z-F, Kuo H-Y, Hung H-F, Tang
CY, Liou M-L. Bacterial diversity among four healthcare-associated institutes
in Taiwan. Scientific reports. 2017;7(1):8230.

13. Rampelotto PH, Sereia AF, de Oliveira LFV, Margis R. Exploring the hospital
microbiome by high-resolution 16S rRNA profiling. International journal of
molecular sciences. 2019;20(12):3099.

14. Poza M, Gayoso C, Gomez MJ, Rumbo-Feal S, Tomás M, Aranda J, Fernandez
A, Bou G. Exploring bacterial diversity in hospital environments by GS-FLX
Titanium pyrosequencing. PloS one. 2012;7(8):e44105.

15. Bokulich NA, Mills DA, Underwood MA. Surface microbes in the neonatal
intensive care unit: changes with routine cleaning and over time. Journal of
clinical microbiology. 2013;51(8):2617–24.

Chopyk et al. Microbiome            (2020) 8:86 Page 14 of 15

https://www.cdc.gov/hai/data/portal/progress-report.html


16. Hartz LE, Bradshaw W, Brandon DH. Potential NICU environmental influences on the
neonate’s microbiome: a systematic review. Advances in neonatal care: official journal
of the National Association of Neonatal Nurses. 2015;15(5):324.

17. Brooks B, Firek BA, Miller CS, Sharon I, Thomas BC, Baker R, Morowitz MJ,
Banfield JF. Microbes in the neonatal intensive care unit resemble those
found in the gut of premature infants. Microbiome. 2014;2(1):1.

18. Sanjay Kumar BS, Sugandha Arya, Manorma Deb, Harish Chellani. Healthcare
associated infections in neonatal intensive care unit and its correlation with
environmental surveillance. J Infect Public Health. 11(2):275–9.

19. Zikria Saleem BG, Mohamed Azmi Hassali, Furqan Khurshid Hashmi, Faiza Azhar,
Inayat Ur Rehman: Point prevalence surveys of health-care-associated infections: a
systematic review. Pathogens and global health 2019, Epub ahead of print.

20. Klindworth A, Pruesse E, Schweer T, Peplies J, Quast C, Horn M, Glockner FO.
Evaluation of general 16S ribosomal RNA gene PCR primers for classical and next-
generation sequencing-based diversity studies. Nucleic Acids Res. 2013;41(1):e1.

21. Bolyen E, Rideout JR, Dillon MR, Bokulich NA, Abnet C, Al-Ghalith GA, Alexander H,
Alm EJ, Arumugam M, Asnicar F, et al. QIIME 2: reproducible, interactive, scalable,
and extensible microbiome data science. In: PeerJ Preprints. 2018.

22. Callahan BJ, McMurdie PJ, Rosen MJ, Han AW, Johnson AJ, Holmes SP. DADA2:
high-resolution sample inference from Illumina amplicon data. Nat Methods. 2016;
13(7):581–3.

23. Quast C, Pruesse E, Yilmaz P, Gerken J, Schweer T, Yarza P, Peplies J, Glöckner
FO. The SILVA ribosomal RNA gene database project: improved data
processing and web-based tools. Nucleic acids research. 2012;41(D1):D590–6.

24. Wickham H. ggplot2: elegant graphics for data analysis. Springer. 2016.
25. Faith DP. Conservation evaluation and phylogenetic diversity. Biological

conservation. 1992;61(1):1–10.
26. Shannon CE. A mathematical theory of communication. ACM SIGMOBILE

Mobile Computing and Communications Review. 2001;5(1):3–55.
27. Martino C, Morton JT, Marotz CA, Thompson LR, Tripathi A, Knight R,

Zengler K. A novel sparse compositional technique reveals microbial
perturbations. MSystems. 2019;4(1):e00016–9.

28. Mandal S, Van Treuren W, White RA, Eggesbø M, Knight R, Peddada SD.
Analysis of composition of microbiomes: a novel method for studying
microbial composition. Microbial ecology in health and disease. 2015;26(1):
27663.

29. Schultz M, Gill J, Zubairi S, Huber R, Gordin F. Bacterial contamination of
computer keyboards in a teaching hospital. Infection Control & Hospital
Epidemiology. 2003;24(4):302–3.

30. Decker BK, Palmore TN. The role of water in healthcare-associated
infections. Current opinion in infectious diseases. 2013;26(4):345.

31. Anaissie EJ, Penzak SR, Dignani MC. The hospital water supply as a source of
nosocomial infections: a plea for action. Archives of internal medicine. 2002;
162(13):1483–92.

32. Gloor GB, Macklaim JM, Pawlowsky-Glahn V, Egozcue JJ. Microbiome
datasets are compositional: and this is not optional. Frontiers in microbiology.
2017;8:2224.

33. Grice EA, Segre JA. The skin microbiome. Nature Reviews Microbiology. 2011;
9(4):244–53.

34. Byrd AL, Belkaid Y, Segre JA. The human skin microbiome. Nature Rev
Microbiol. 2018;16(3):143.

35. Mandic-Mulec I, Stefanic P, van Elsas JD. Ecology of bacillaceae. The bacterial
spore: From molecules to systems. 2016:59–85.

36. Spaink HP, Kondorosi A, Hooykaas PJ. The Rhizobiaceae: molecular biology of
model plant-associated bacteria: Springer Science & Business Media; 2012.

37. Bergogne-Berezin E: Pseudomonas and miscellaneous gram-negative bacilli.
Infections Disease 2nd ed Philadelphia, PA: Mosby 2004:2203-2217.

38. Beggs C, Knibbs LD, Johnson GR, Morawska L. Environmental contamination
and hospital-acquired infection: factors that are easily overlooked. Indoor Air.
2015;25(5):462–74.

39. Gastmeier P, Schwab F, Bärwolff S, Rüden H, Grundmann H. Correlation
between the genetic diversity of nosocomial pathogens and their survival
time in intensive care units. Journal of Hospital Infection. 2006;62(2):181–6.

40. Kramer A, Assadian O: Survival of microorganisms on inanimate surfaces. In:
Use of Biocidal Surfaces for Reduction of Healthcare Acquired Infections.
Springer; 2014: 7-26.

41. Lax S, Smith DP, Hampton-Marcell J, Owens SM, Handley KM, Scott NM,
Gibbons SM, Larsen P, Shogan BD, Weiss S, Metcalf JL, Ursell LK, Vázquez-
Baeza Y, Van Treuren W, Hasan NA, Gibson MK, Colwell R, Dantas G, Knight
R, Gilbert JA. Longitudinal analysis of microbial interaction between humans
and the indoor environment. Science. 2014;345(6200):1048–52.

42. Hibbing ME, Fuqua C, Parsek MR, Peterson SB. Bacterial competition:
surviving and thriving in the microbial jungle. Nature Reviews Microbiology.
2010;8(1):15–25.

43. Suva MA, Sureja VP, Kheni DB. Novel insight on probiotic Bacillus subtilis:
mechanism of action and clinical applications. Journal of Current Research in
Scientific Medicine. 2016;2(2):65.

44. Ghoul M, Mitri S. The ecology and evolution of microbial competition.
Trends in microbiology. 2016;24(10):833–45.

45. Vandini A, Temmerman R, Frabetti A, Caselli E, Antonioli P, Balboni PG,
Platano D, Branchini A, Mazzacane S. Hard surface biocontrol in hospitals
using microbial-based cleaning products. PLoS One. 2014:9(9).

46. Magalhaes M, Doherty C, Govan J, Vandamme P. Polyclonal outbreak of
Burkholderia cepacia complex bacteraemia in haemodialysis patients.
Journal of Hospital Infection. 2003;54(2):120–3.

47. Nasser RM, Rahi AC, Haddad MF, Daoud Z, Irani-Hakime N, Almawi WY.
Outbreak of Burkholderia cepacia bacteremia traced to contaminated
hospital water used for dilution of an alcohol skin antiseptic. Infection
Control & Hospital Epidemiology. 2004;25(3):231–9.

48. Souza AV, Moreira CR, Pasternak J, de Lurdes HM, Saltini DA, Caetano VC,
Ciosak S, Azevedo FM, Severino P, Vandamme P, Magalhães VD.
Characterizing uncommon Burkholderia cepacia complex isolates from an
outbreak in a haemodialysis unit. J Med Microbiol. 2004;53(10):999–1005.

49. Lucero CA, Cohen AL, Trevino I, Rupp AH, Harris M, Forkan-Kelly S, Noble-
Wang J, Jensen B, Shams A, Arduino MJ. LiPuma JJ, Gerber SI, Srinivasan A.
Outbreak of Burkholderia cepacia complex among ventilated pediatric
patients linked to hospital sinks. Am J Infect Control. 2011;39(9):775–8.

50. Sydnor ER, Perl TM. Hospital epidemiology and infection control in acute-
care settings. Clinical microbiology reviews. 2011;24(1):141–73.

51. Meadow JF, Altrichter AE, Kembel SW, Moriyama M, O’Connor TK, Womack
AM, Brown G, Green JL, Bohannan BJ. Bacterial communities on classroom
surfaces vary with human contact. Microbiome. 2014;2(1):7.

52. Fierer N, Lauber CL, Zhou N, McDonald D, Costello EK, Knight R. Forensic
identification using skin bacterial communities. Proceedings of the National
Academy of Sciences. 2010;107(14):6477–81.

53. Sharma A, Richardson M, Cralle L, Stamper CE, Maestre JP, Stearns-Yoder KA,
Postolache TT, Bates KL, Kinney KA, Brenner LA, Lowry CA, Gilbert
JA, Hoisington AJ. Longitudinal homogenization of the microbiome
between both occupants and the built environment in a cohort of United
States Air Force Cadets. Microbiome. 2019;7(1):70.

54. Huang SS, Datta R, Platt R. Risk of acquiring antibiotic-resistant bacteria from
prior room occupants. Archives of internal medicine. 2006;166(18):1945–51.

55. Drees M, Snydman DR, Schmid CH, Barefoot L, Hansjosten K, Vue PM,
Cronin M, Nasraway SA, Golan Y. Prior environmental contamination
increases the risk of acquisition of vancomycin-resistant enterococci. Clinical
infectious diseases. 2008;46(5):678–85.

56. Dancer SJ. Controlling hospital-acquired infection: focus on the role of the
environment and new technologies for decontamination. Clinical
microbiology reviews. 2014;27(4):665–90.

57. Hartmann B, Benson M, Junger A, Quinzio L, Röhrig R, Fengler B, Färber UW,
Wille B, Hempelmann G. Computer keyboard and mouse as a reservoir of
pathogens in an intensive care unit. Journal of clinical monitoring and
computing. 2004;18(1):7–12.

58. Ide N, Frogner BK, LeRouge CM, Vigil P, Thompson M. What’s on your
keyboard? A systematic review of the contamination of peripheral
computer devices in healthcare settings. BMJ open. 2019;9(3):e026437.

59. Lee ZM-P, Bussema C III, Schmidt TM. rrn DB: documenting the number of
rRNA and tRNA genes in bacteria and archaea. Nucleic acids research. 2009;
37(suppl_1):D489–93.

60. Pinto AJ, Raskin L. PCR biases distort bacterial and archaeal community
structure in pyrosequencing datasets. PloS one. 2012:7(8).

61. Kembel SW, Wu M, Eisen JA, Green JL. Incorporating 16S gene copy
number information improves estimates of microbial diversity and
abundance. PLoS computational biology. 2012:8(10).

62. Dabney J, Meyer M. Length and GC-biases during sequencing library
amplification: a comparison of various polymerase-buffer systems with ancient
and modern DNA sequencing libraries. Biotechniques. 2012;52(2):87–94.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.

Chopyk et al. Microbiome            (2020) 8:86 Page 15 of 15


	Abstract
	Background
	Results
	Conclusions

	Background
	Methods
	Sample collection
	16S rRNA gene amplicon processing
	Analysis of the 16S rRNA gene sequences
	Statistics

	Results
	Sampling schema and sequencing output
	Alpha diversity at each renovation stage
	Beta diversity by renovation stage
	Beta diversity of renovation stages by room
	Temporal variations in bacterial taxa
	Clinically significant and core bacterial taxa
	Differentially abundant taxa

	Discussion
	Conclusions
	Supplementary information
	Abbreviations
	Acknowledgements
	Authors’ contributions
	Funding
	Availability of data and materials
	Ethics approval and consent to participate
	Consent for publication
	Competing interests
	Author details
	References
	Publisher’s Note

